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Abstract !
I test the impact of fashion designers on the firm value of fashion companies by measuring 
sentiment toward events covered by public media sources and corresponding movements in 
implied investor confidence via stock prices. Assessing the relationship between three measures 
of sentiment–quality, popularity, and controversy–I find no relationship between sentiment 
quality and stock price, contrary to expected market behavior. A positive relationship is found, 
however, between controversy and abnormal returns on the day of significant events in the public 
media. This analysis indicates that controversy and buzz in the fashion industry really does pay, 
leading to implications for the effective management of these innovative firms. !
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I. Introduction 

Which corporate brands do you associate with Bill Gates? Steve Jobs? While identifying 

this relationship may be easiest in the case of modern companies and their founders, corporate 

identities might be just as closely tied to non-founder, non-chief executive employees as it is in 

these examples. Which brands might you associate with designers John Galliano or Olivier 

Theyskens? While analyzing this specific relationship is the bulk of my paper, I build a 

foundation on an already well-accepted relationship between chief executives and their roles–one 

of many–as the ‘face’ of the company.  

Apple Inc. saw it’s stock price decrease by as much as 6% as result of Steve Jobs’s 

medical leave.  Similar impacts to Apple’s stock price performance have been attributed to 1

rumor: once in October 2008, when rumors circulated of Jobs having suffered  a major heart 

attack (10% decrease in 10 minutes) and again in December 2008, where a 2% decline was 

attributed to health rumors started .on technology website Gizmodo. ,  This is unsurprising as 2 3

“both executive management and marketing” at the innovative company “hinged on Steve Jobs’ 

presence”.  While Mr. Jobs may be the strongest representation of the relationship between 4

individuals and a company’s brand or identity, he was not alone. On one hand, change in 

leadership at Microsoft from Bill Gates to Satya Nadella prompted the business world to 
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 Doris Frankel, Gabriel Madway, "Apple Shares Turn Negative on Jobs Rumor,” 30 December 2008, Thomson 3
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consider a brand repositioning. On the other, Walt Disney maintains its founder’s influence on 

the company’s identity through employee training.  

Burston Marsteller, one of the largest PR firms in the world, quantified the relationship 

between corporate reputations and their CEOs. They find that 95% of survey respondents 

decided whether or not to invest in a company based on CEO reputations.  While investors are 5

unsure of future leadership at Apple around concerns of Mr. Jobs’ health, the role of CEO 

reputation gives Microsoft the possibility “to position the change [in leadership] as something 

new” as the new CEO was largely unknown to outsiders.  While both are examples of 6

technology companies, Microsoft and Apple are examples of the counteracting influences 

executive leadership can have on a corporate identity. Apple’s tie to Steve Jobs seems to threaten 

its perceived ability to innovate while Microsoft found itself in a position to break away from 

tying its brand to its founder by choosing someone unknown to outsiders. Either positive or 

negative, the flow from reputation to investor’s perceptions of value is significant.  

!
A. From Reputation to Sentiment 

While impacts to firm value via stock price performance are shown to be driven by CEO 

reputation, one might ask, “What drives reputation?”. Steve Jobs was presented earlier as playing 

a key role in the marketing of Apple products. Jobs is well known to many for his signature 

keynote events used to unveil the latest products from Apple Inc. In addition to instances of 

strong leadership, these events began to characterize Steve as “the greatest of American 
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innovators,” as remembered by President Obama.  Breaking executive reputations into smaller 7

events, around which sentiment can be measured–such as the moments that exemplify Jobs’ 

leadership qualities–a quantitative picture of the leader’s reputation and, therefore, anticipated 

effect on firm performance, can be drawn. Sentiment around individual events is a proxy for 

whether the reputation of senior business leaders is falling into- or out-of-fashion. That is, 

sentiment is a short-term expression of longer-term reputation; sentiments express immediate 

reactions toward a particular event or person. Taken in this context, reputation is a function of a 

series of expressions of sentiment. However, a natural question follows: is the relationship as 

strong in other industries or does it exist at all? 

!
B. The Fashion Industry Context 

The fashion industry varies from many other industries for three key reasons: first, the 

lack of stringent intellectual property laws leaves the value of fashion firms in the creative 

abilities if influential designers; second, those designers are often non-executive employees of 

large fashion houses; third, the media is perhaps more present in the creation and distribution of 

sentiment-based reputations in this industry than in any other. 

Johanna Blakely, in her talk for TEDxUSC titled “Lessons from Fashion’s Free Culture,” 

asserts that the industry depends on a “culture of copying” which leads to the establishment of 

global trends.  The responsibility of those trends falls on the work of influential fashion 8

designers. She states, “designers have to struggle to come up with a new idea that the customers 
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will love.” What makes such innovation in the fashion industry different than that of the Apple or 

Microsofts of the world is that creations rarely become property of the fashion house. That is, 

Blakely (2010) suggests that the fashion firm depends on the design team to make such 

innovation pay, rather than a chief executive, the second reason which differentiates the fashion 

industry from others. We have, so far, seen examples of where sentiment toward CEO’s behavior, 

over time, develops a reputation which drives investor behavior. In the case of the fashion firm, 

the relationship between individual designer and the brand seems stronger than that of brand and 

CEO as in the case of Apple Inc. 

The third and final differentiator is the role of media in creating and distributing 

sentiment-bearing news within the fashion industry. While stories about the leadership styles of 

Bill Gates and Steve Jobs matriculate through interviews and other sources of business news, 

media related to fashion designers seems to be much more diverse. News, or gossip, may range 

from reporting on movements between brands to events in designers’ private lives. Such 

coverage is then distributed through what I refer to as micro-impressions, or short interactions 

between consumers and these designers, primarily through social media. Furthermore, coverage 

flows into and out of trends, an idea related to the points made in Blakely (2010). This is 

important because media coverage around a designer may intensify on either very positive events 

or very negative events. 

Each of these three differences plays a role in determining whether or not the investor’s 

perceptions are driven as much by sentiment toward key figures in fashion as they are in other 

industries. 

!
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C. Hypotheses 

Flowing from the relationship between reputation and investor confidence, I propose that 

investor behavior in the fashion industry is driven more so by sentiment around a designer during 

a public media event rather than by the chief executive, contrasting existing research. This 

proposition stems from an idea introduced earlier: that a designer’s reputation (which generates 

investor confidence in their ability to create innovative designs) is a collection of sentiments 

throughout the designer’s presence in popular media. With this general proposition in mind, I 

generate three testable hypotheses relating sentiment and stock price performance.  

First, I hypothesize that stock price performance follows sentiment around an appearance 

in public media outlets. If sentiment toward a designer within an event window is, on average, 

negative, the investor will experience negative abnormal returns.  Conversely, if an event garners 9

positive sentiment, greater confidence in the designers ability to innovate will drive positive 

abnormal returns. This hypothesis is based on the performance of Apple Inc. stock around times 

of Steve Jobs’ questionable health between the years of 2008 and 2011, which is a seemingly 

negative event. 

Second, I hypothesize that the effect on abnormal return of a fashion designer’s presence 

in public media, whether good or bad (Hypothesis I), increases with the number of opinions–

sentiments or other reactions–expressed by consumers. This follows from the premise that 

greater awareness has a multiplier effect on any impact to the stock price.  

Third, the greater controversy created by the designer in a given event, the greater the 

abnormal return. This final hypothesis is based on the innovativeness found within the fashion 
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industry and the role of trends. Taking statements made in Blakely (2010) as true, a “culture of 

copying” values those individuals and events which disrupt the status quo and, therefore, create 

controversy. Within the fashion industry, such events may or may not include the designs 

themselves. 

!
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II. Theoretical Background 

There has been significant literature published on the subject of valuation of intangible 

assets. Reilly and Schweihs (1999)  and Berman (2002)  provide three generally accepted 10 11

approaches to the valuation of intangible assets: cost-based, market-based, and income-based. A 

cost-based approach supposes that an investor “will pay no more for the subject intangible asset 

than the price of an intangible property of comparable utility”.  Market-based approaches to 12

intangible asset valuation incorporates the availability and demand of the asset and also 

substitution effects. Income-based approaches analyze future income streams to be expected as 

result of the intangible asset. Each of these three approaches does not seem to apply to designers 

as the key intellectual property in the fashion industry: there is little substitutability nor certainty 

in the future income streams attributed to a designer.  

Little literature relates to firm value derived from creativity, particularly with respect to 

the fashion industry. The industry has historically lacked traditional intellectual property (“IP”) 

protections, as critics of the role of IP in the industry support the notion that designs (and 

designers) build on one another. Such a culture of copying drives the proliferation of trends.  13

Valuing intangible assets in the fashion industry seems, then, very different than in the 

production of other widgets. The costs associated with creating innovative designs and attracting 

the designers who create them seem to vary. Moreover, with the lack of IP protection for designs, 

the value created by a particularly designer is not entirely captured by the firm for which the 
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designer works. Yermack (2010), however, provides support for the third general approach to 

intangible asset valuation: the income-based approach. In exploring increases in market 

capitalization of retailers and designers related to public appearances of Michelle Obama, firm 

value becomes a function of a “celebrity factor”.  Where Yermack’s celebrity factor is in an 14

endorsement, Blakely (2010) points out the increasingly audacious, inimitable celebrity factor of 

designers. Future expected income generated as result of the fashion shows or the public events/

appearances of a designer could provide the means of measuring the impact on firm value of 

today’s fashion designers. Public news sources and the role of social media, which differentiate 

the fashion industry from others, will serve as a catalyst for such a “celebrity factor,” or the 

positive or negative weight a particular designer holds in the minds of the consuming public.  

Whether key executives are in- or out-of-fashion and their impact on the perceived value 

of the respective company is perhaps best exhibited by Steve Jobs and Apple Inc., a relationship I 

explored earlier. In a world well-defined by social media and tie between Apple’s success, 

culture and Mr. Jobs, the Apple stock saw a decrease in price of around 8-10% on European 

exchanges while the US markets remained closed for the MLK Holiday.  An attempt to study 15

the effects of executive death, Johnson et al. (1985) performs an event study correlating deaths 

with abnormal returns of senior corporate executives.  They hypothesize that the direction of 16

movement in the share price reflects quasi-shareholder rents: loss of significant firm-specific 

knowledge in the incumbent leads reductions in price while the death of a less-than satisfactory 
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manager leads to price increases. Johnson et al. (1985) hypothesize that the transaction costs of 

renegotiating employment contracts and the skills of replacement managers lead to these effects. 

Findings indicate “that characteristics of the employment relationship and the labor market for 

managers produce significant differences between the stream of net benefits which shareholders 

expect from the incumbent executive and that stream expected from a replacement”.   17

Considering the fashion industry, a preliminary sample of events include the dismissal of 

senior designers. So long as such dismissals were not anticipated by the market, I hope to build 

on the conclusions of Johnson et al. (1985) by examining similar impacts of non-executive 

designers. While executive turnover in Johnson et al. (1985) is restricted to unexpected deaths, I 

define turnover in the fashion industry to also include those events which unexpectedly bring 

designers into- or out-of-fashion. That is, in the minds of consumers, sentiment around designers 

may drive a “turnover” of who the favorited designers are at any given time. This updated 

definition of the term turnover remains consistent with the notion that these members of the firm 

possess some firm-specific knowledge (a designer is to the fashion house as Steve Jobs is to 

Apple Inc.). Moreover, the celebrity status of fashion designers resembles that of the esteemed 

CEO, enabling the collection of a sufficient number of events.  

!
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III. Methodology 

In order to test my hypotheses, I wanted to consider designers of publicly traded fashion 

houses and track the respective performance of stock prices. I did this in three steps. First, I 

recorded events receiving considerable attention in the public media. Second, I pulled historical 

Twitter data from within a three day window around the event date. Third, I attributed each event 

with a sentiment score by mapping Tweet sentiment to each of the events. To examine the 

relationship between stock price performance and public sentiment toward the respective event, I 

run a regression of abnormal returns on various measures of the sentiment score - the investor 

return from a given stock over the return of the market:  

 ARit = Rit – Rmt (Equation 3.1)                                                                                     

Historical stock price data was collected via combinations of Google Finance and Yahoo! 

Finance. Both platforms offer users access to historical price data for specific equities as well as 

market indices. The respective index used for each stock is summarized in Appendix Item iv. 

Where applicable, I used the “adjusted close” price to reflect changes in effective price due to 

stock splits and/or dividends, although the actual occurrence of these events is quite low. I 

remained confident in my ability to compare returns between stocks, keeping in mind that some 

may not reflect adjusted close values, because I was looking strictly day-to-day percent changes.  

!
A. Event Identification 

The first question I had was, Which designers have created the most controversy in the 

high-fashion industry in the last ten to fifteen years? The high-fashion industry was chosen as the 

focus for this study because of the nature of designer and firm: the individual designer’s identity 
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(reputation, personal life) is closely followed and often tied to the identity of the fashion house. 

This is particularly true for eponymous fashion labels, or those by the same name as their 

principal designer/founder. Ralph Lauren is an example of a company whose founder/chief 

designer remains the company’s leader.  

While the focus on high-fashion seems to simplify the process of sample collection, the 

interconnectedness of the fashion industry posed challenges. Labels are often subsidiaries of 

larger conglomerates and one designer may move between brands frequently or be associated 

with several brands simultaneously (either through formal contract or informally in the minds of 

consumers). To compensate for this complexity, I chose to leverage existing fashion media. 

Blogs, magazine webpages and business news sources maintain a database of historical news on 

fashion designers and/or related companies. Historical media outlets offered “snapshots of time” 

around particular events and allowed me to record the designer, the event, and the associated 

brands and companies at the time.  

One significant resource leveraged in the collection of event data was British Vogue 

(vogue.co.uk), which maintains a “Today in History” topic page. The page is a database of 

significant events in the fashion industry dating back to the early 2000s and has been maintained 

from 2009 to present day. Where applicable, traditional news outlets such as BussinessWeek and 

the New York Times were leveraged to determine accurate event date and times. This was 

performed in order to overcome conflicts between time zone differences implicit in reporting 

times and the trading hours of various exchanges. 

Overall, the final sample of controversial mentions of fashion designers in the public 

media numbered 152. Of this number, 112 were attributable to one of 13 global, publicly traded 
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companies and involves at least one of 40 unique designers . Contained in the sample is 18

controversial movements of designers between labels, speculation of new collaborations, rumor 

of personal scandal, etc. 

!
B. Tweet Collection 

In finding the relationship between firm value and respective fashion designers, my 

second question was, How do I systematically record public reaction to designers and their 

behavior? Twitter offers a unique solution to this problem: users publish text “tweets” which are 

limited to 140 characters. Incorporated in April 2007, Twitter’s users maintain collections of 

short, real-time expressions of opinion, thought, and news, referred to as microblogs. The site’s 

241 million active monthly users produce 500 million tweets per day–making this one of the best 

proxies to record the impact of the sort of micro-impressions referred to in Section I: 

Introduction. The decision to use Twitter data as a tool to determine the public’s reaction to 

events in the fashion industry, however, limited me to only those events occurring after late 2007. 

This restriction reduces my sample of events from 112 introduced above to 58. 

I chose to collect text-based tweet data via the online Topsy database (via topsy.com). 

While Twitter does offer developers and researchers access to a small percentage of its tweet 

data, restrictions limit users of the interface to tweets published within one week. Few online 

databases containing historical tweet data exist. Via Topsy, I am able to search for keywords and 

filter for tweets occurring within an event window (± 1 day). There remains a limit, however, to 

the number of tweets I am able to pull; in this case the maximum is 100 per search. After each 
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search query, I collect tweet data manually in order to control for “noise,” or tweet data that is 

irrelevant to the event and/or designer that may have slipped through Topsy filters. This process 

generates more than 3,500 individual tweets, for an average of 60 tweets per event.  19

!
C. Mapping Tweet Sentiment to Stock Prices 

Third, with a set of tweets associated with each event, I ask the question, How do I 

objectively attach a measurement of quality to each of the reactions described in part B above? 

With my hypotheses in mind, I had to determine the anticipated direction of stock price 

movement, if any. In answering a similar question as it relates to presidential polls, O’Connor et 

al. (2010) “find that a relatively simple sentiment detector based on Twitter data replicates 

consumer confidence and presidential job approval polls”.  Applying a similar methodology to 20

public reactions around a fashion designer would similarly indicate whether the designer and/or 

brand was, in fact, “out of fashion.”  

To perform the sentiment analysis, I select Semantria, a cloud-based sentiment analysis 

tool based on Natural Language Processing . Breaking each tweet into different parts of speech, 21
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Semantria identifies “sentiment-bearing phrases” and ranks each phrase along a logarithmic scale 

from -10 to 10. Scores of individual phrases are combined to determine the sentiment of the 

sentence, or tweet, overall. This score ranges from -2 for negative tweets and +2 for positive 

tweets. I calculate three measures to summarize sentiment scores on the event level. For each 

event, I find the average sentiment score, the log of the number of tweets recorded, and the 

standard deviation of the sentiment score. These measures are proxies for quality of reaction, 

popularity, and controversy respectively. I regress one-day abnormal return (on the day of the 

event) on each measure of sentiment individually and as a multivariable regression: 

 yi = a + bxi + ei (Equation 3.2)                                                                                                            

 yi = a + b1xi + b2xi2 + b3xi3+ ei (Equation 3.3)                                                                         

For Hypothesis II, testing whether popularity (via tweet volume) generates greater 

abnormal returns, I use the absolute value in addition to positive/negative values of abnormal 

return. Rather than looking at the relationship between tweet volume and sentiment quality 

(positive or negative), I am more interested in considering whether there is an impact on absolute 

abnormal return, above or below the market, that is attributable to greater popularity.  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IV. Results 

Distribution of one-day abnormal returns for all events is shown in Figure 4.1. Average, 

one-day abnormal return for all events is 0.048%. The average, one-day abnormal return of those 

with negative sentiment classification (eight events) is 0.7021%, while 0.5429% for those with 

positive classification (21 events) and 0.1713% for neutral (29 events). These average abnormal 

returns offer little preliminary support for Hypothesis I: there does not seem to be a positive 

relationship between sentiment quality and abnormal returns. Regressing one-day abnormal 

returns (t = 0) on average sentiment score, or quality, affirmed this initial rejection. The 

regression did yield, however, a negative coefficient (bxi) (Figure 4.2). Although insignificant (t 

= -0.798, p = 0.428), this result would indicate that sentiment quality and abnormal returns are 

negatively related–i.e, the increasingly positive public sentiment, the lower the abnormal return 

within the respective event window. 

To test Hypothesis II–that more popular events generate greater impact (volatility) on the 

stock price–I regress absolute abnormal returns against the logarithm of tweet count per event.  

 yi = a + b log(xi) + ei (Equation 4.1)                                                                                               

The number of tweets I was able to collect for each event (out of a maximum of 100) serves as a 

proxy for popularity. Taking the logarithm allows me to run a linear model which explains a non-

linear relationship.  The logarithmic transformation is also used to transform a skewed variable 22

(as is the case here) into one that is approximately normal. Although the regression generates a 

positive coefficient and is therefore inline with my Hypothesis II, the result is insignificant (t = 

0.390, p = 0.698) (Figure 4.3).  
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There does exist, however, a statistically significant relationship between one-day 

abnormal returns and the standard deviation of sentiment score, a measure of controversy (t = 

1.920, p = 0.0599) (Figure 4.4). With an estimated coefficient (bxi) value of 0.0394, the data do 

indicate a somewhat surprising positive relationship between polarity and abnormal returns. That 

is, rather than changes in firm value being driven by either the popularity or quality of public 

reactions to fashion designers, results seem to suggest that disruptive or controversial behavior of 

fashion designers leads to increases in stock price. This is in line with the proposition contained 

in Hypothesis III and background reading on the fashion industry. 

A multivariable regression of each of these variables is shown in Figure 4.5. The most 

significant result is, again, that which supports my Hypothesis III. The results of the 

multivariable regression do vary slightly from the summary results of individual regressions. 

This may be due in part to a statistical phenomena called multicollinearity–the exploration of 

which is beyond the scope of this paper. The relative strengths of each of the regressions remains 

and indicates the strongest support for Hypothesis III. Also, for the purposes of the multivariable 

regression, I used the positive/negative values of AR as the dependent variable without 

compensating for the possible impact on my test for popularity. I feel confident in performing the 

regression this way because one could interpret an event which does not create buzz but involves 

negative sentiment as only deteriorating the brand, justifying downward pressure on the stock 

price. The results, however, do not indicate that this interpretation is statistically significant.  

!
!!

!
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Figure 4.2 -Summary results for multiple regression of abnormal returns on three measures of sentiment.

Figure 4.3 -Summary results for linear regression of one-day abnormal returns on popularity.

Figure 4.4 -Summary results for linear regression of one-day abnormal returns on controversy.

Figure 4.1 - Distribution of abnormal returns of all events.
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Figure 4.5 -Summary results for multiple regression of abnormal returns on three measures of sentiment.



                                                                                                                                                             

V. Discussion of Results: Case Studies  

A. Azzedine Alaïa 

On June 22, 2011, it was reported that designer Azzedine Alaïa made cutting remarks 

concerning fashion industry icons, Karl Lagerfeld of Chanel and Fendi and Anna Wintour of 

Vogue. He states, “I don’t like his fashion, his spirit, his attitude. It’s too much caricature. Karl 

Lagerfeld never touched a pair of scissors in his life.” And continues to criticize Anna Wintour, 

asking rhetorically, “who will remember Anna Wintour in the history of fashion?” and answering 

“No one”.  Alaïa, himself “a living legend for his ability to transform any mortal female into a 23

modern-day Venus,” has a loyal following of models and industry leaders, including Naomi 

Campbell.  This is perhaps why I record a standard deviation of tweet sentiment during the 24

event window of 0.40467, which is among the highest 25%. Such a high standard deviation 

reflects the instantaneous controversy, or public disagreement: 

!
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June 2011,The Cut, 19 January 2014 http://nymag.com/thecut/2011/06/azzedine.html

 "Azzedine Alaïa," Voguepedia, 28 April 2014 http://www.vogue.com/voguepedia/Azzedine_Alaia24

Figure 5.1 -Tweet exemplifying negative sentiment around the Azzedine 
Alaïa event. Sentiment score = -1.20000 on [-2, 2]

http://www.vogue.com/voguepedia/Azzedine_Alaia
http://nymag.com/thecut/2011/06/azzedine.html


                                                                                                                                                             

This event is particularly interesting due to the abnormal returns experienced by both 

Compagnie Financiere Richemont (VTX:CFR), the parent company to Alaïa, and LVMH Moet 

Hennessy Louis Vuitton (EPA:MC), the parent company to one of Karl Largerfeld’s brands, 

Fendi. Combined, the two companies experienced a one-day abnormal return of 2.1138%. The 

data suggest that this abnormal return can be attributed to the volatility around the event: in other 

words, the greater variety in opinion on Alaïa’s comments, the greater the abnormal return for 

both companies involved. Controversy in the fashion industry really does pay. 

!
B. John Galliano 

Perhaps the most famous example of designer controversy is the series of events 

involving John Galliano, formerly of Christian Dior (EPA:CDI). Galliano was suspended from 

Dior on February 25, 2011 after the British designer had been arrested in Paris for assault–which 

is illegal in France. Raw tweets included “Breaking News: Christin Dior Head designer John 

Galliano was Arrested in Paris for Assault!” with a sentiment score of -1.224 on the range [-2,2]. 

Although the average sentiment score for all tweets around the February 25th event date, a 

standard deviation of 0.36667 indicates a relatively high disagreement, or a high level of 

controversy. Such controversy is exhibited by the opposing sentiments of two of Mr. Galliano’s 
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Figure 5.2 -Tweet exemplifying positive sentiment around the Azzedine 
Alaïa event. Sentiment score = 0.98000 on [-2, 2]



                                                                                                                                                             

personal contacts, either supporting the designer or publicly criticizing his actions. One example 

of support came from actress Eva Green, who commented that Galliano is a “creative person 

with a great sense of humour and he's always been so kind to me. He's very shy. I ador him”.  25

Using the same sentiment analysis tool as before, this comment registered a positive sentiment 

(+0.5133). Conversely, Natalie Portman, a long time Galliano and Dior fan, shared “I am deeply 

shocked and disgusted by the video of John Galliano's comments that surfaced today”.  In the 26

same comment she declared that she would no longer be associated with the designer in any 

capacity. Overall, Portman’s comments scored -0.5336 on the same scale, exhibiting the 

disagreement around the event and polarity of sentiment around the designer. That said, the 

House of Dior saw an abnormal return on 25 February 2011 of 1.1459%, a significant return 

considering that the firm’s most influential creative had been suspended after an arrest.  

Additional evidence surfaced on 28 February 2011, showing the designer making anti-

Semitic remarks a year prior to the incident on 24 February. With this evidence, Dior officially 
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 Lauren Milligen, ”My Friend John,” 6 June 2011, Vogue UK, 28 April 2014 http://www.vogue.co.uk/news/25

2011/06/06/eva-green-on-john-galliano

 Belinda White, ”Dior Ambassador Natalie Portman Speaks out on Galliano,” 1 March 2011, Telegraph.co.uk, 28 26

April 2014 http://fashion.telegraph.co.uk/news-features/tmg8354428/Dior-ambassador-Natalie-Portman-speaks-out-
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Figure 5.2 - Screen capture of video evidence released by The Sun on 1 March 2011 
confirming a former incident in which Galliano makes anti-semitic remarks

http://fashion.telegraph.co.uk/news-features/tmg8354428/Dior-ambassador-Natalie-Portman-speaks-out-on-Galliano.html
http://www.vogue.co.uk/news/2011/06/06/eva-green-on-john-galliano


                                                                                                                                                             

fired Mr. Galliano on 1 March 2011.  Meanwhile, the companies stock price increased 3.257% 27

over the period beginning 24 February 2011 (Galliano’s arrest occurred after trading had closed) 

and ending 1 March 2011, the day Galliano was officially fired. While this figure is not adjusted 

for market performance, the story remains as strong: a fashion companies primary source of 

intellectual property had been arrested, fired, and beat up in the media with no apparent 

consequences to future expected performance.  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VI. Concluding Remarks 

A. Key Takeaways 

My analysis establishes a relationship between sentiment toward a fashion designer and 

the performance of related stock prices. I find that controversy pays in the fashion industry. This 

idea is consistent with the major theme of the industry: trends. Taking this as given, fashion 

designers might be expected to fall into and out of favor–the process of which generates buzz 

around the fashion company. Turnover, then, appears desirable to the fashion company. Here, I 

use turnover to describe the process of designers falling into and out of favor via the sort of 

public events I analyze rather than strictly leaving a firm. 

This research offers a possible explanation for why fashion houses can continue to thrive 

even after the death (or other departure) of key designers. That is, turnover of fashion designers 

presents executive management with an opportunity to generate buzz around the brand rather 

than significant “designer risk”–or the notion that firm value depends on whether or not the 

designer is favored. Said more plainly, buzz pays in the fashion industry, no matter whether it is 

positive or negative. Perhaps this is because the product itself is already anticipated by the 

market to change dramatically over time. 

This is an interesting point considering the change in the fashion industry. Historically, 

boutique, eponymous labels dominated the industry. Over the last couple decades we have seen 

the large fashion conglomerate rise to prominence, even in the luxury space. This change occurs 

along side increased attention on celebrity designers via the media. Might the conglomerate 

structure, then, offer the fashion industry greater flexibility in dealing with “designer risk”? 

!
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B. Limitations 

Robustness of these results are limited by two factors relating to sample collection: first, 

the number of relevant events, fashion designers, and publicly traded companies and second, the 

availability of Twitter data.  

First, I refer to a relevant event as an event that involves a prominent fashion designer 

and is covered in industry media outlets. As many “rumor” events as there are in the dataset, 

detecting the start-date, proliferation, or even presence of these events is difficult. Industry 

insiders may be aware of events concerning fashion designers that the public media has not yet 

released. Therefore, I must depend solely on those events with large-enough media presence to 

detect a “start date,” or the first time the majority of the market becomes aware of the event. 

These restrictions admittedly limited my ability to increase the size of my sample size beyond 

the 112 recorded. 

Moreover, the number of prominent fashion designers is limited. This limitation is related 

to that above: only a subset of all fashion designers have significant clout. This clout is important 

as it is related to the degree to which the company’s identity is tied to the designer. That is, Karl 

Lagerfeld may be more frequently responded to by the public and media than Thomas Maier, 

although both may be similarly respected by industry insiders. There are, however, a number of 

prominent fashion designers for brands that are privately held. Perhaps most significantly, there 

are few publicly traded eponymous firms–or firms founded by their current designer such as 

Roberto Cavalli or Girogio Armani. The fact that many high-fashion firms, with notable fashion 

designers, remain private further reduced the sample size of events. This reduction is taken into 

consideration in the 112 number noted above. 
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Second, and very simply, the accuracy of sentiment analysis depends on the availability 

of Twitter data. As described my study uses Twitter data to determine sentiment. By using 

Twitter, which was founded in late 2007, reduced the number of events associated with measures 

of sentiment from 112 to 58–or only those occurring after 2007. That said, earlier events have 

fewer tweets collected than those occurring in the last few years. This is expected as the 

popularity of Twitter has increased over time. The number of tweets per event is as important in 

terms of statistical significance as the number of relevant events included in the sample, the 

limitations of which are described above. 

!
C. Further Analysis 

As noted above, my analysis was somewhat limited in terms of further hypotheses by 

sample sizes on both ends: events and sentiment. One question which arises from this research is, 

How might the results vary on a firm-level basis?–a question alluded to in “Key Takeaways.” 

That is, do public reactions to fashion designers have a greater impact on some companies than 

others? This question arose early in my analysis as I began to see the companies represented in 

the sample. Some where eponymous labels–or companies named after their founder/current 

designer–while others were conglomerates of huge brand legacies. A helpful comparison here 

might be Ralph Lauren Corporation, whose founder remains the creative lead, to LVMH, the 

largest fashion and luxury conglomerates in the world. A testable hypotheses derived from the 

three questions I ask might be, “Designers of eponymous labels are more closely tied to 

corporate identities and their behavior, therefore, will have a greater impact on stock price 

performance.” Testing this hypothesis, however, would require a higher, and more consistent, 
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number of events per designer-company combination. Perhaps performing a similar type of 

analysis for a defined sample of companies over time would yield significant results. This is in 

contrast to my retrospective analysis. 

One additional question for further work arose in testing my Hypothesis 2, that abnormal 

return is driven, at least in part, by popularity. As already described above, I take the log of tweet 

volume and regress against abnormal return and absolute value of abnormal returns. One could 

also consider impacts of popularity on the volatility of stock prices rather than abnormal returns. 

Moreover, a relative measure could serve as the proxy for popularity in lieu of taking the log of 

tweet volume. For example, with greater access to Twitter data (i.e., without any restriction to 

Twitter’s live feed), one could record the number of tweets related specifically to the event as a 

percentage of all tweets related to that designer. Or, perhaps, the number of tweets regarding a 

designer as a percentage of overall fashion tweets. A proxy using relativity may yield stronger 

results. 

!
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i. Event List (n = 152) 
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ii. Distribution of Sentiment Scores 

!
!
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iii. Complete Events and Sentiment (n = 58) 
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Event # Day 0 AR Avg. of Sentiment Score Tweet Count Log of Tweet Count Std. Dev. of Sentiment Score
1053 -0.2532% 0.00000 3 0.47712 0.00000
1063 0.3899% 0.06217 59 1.77085 0.42518
1064 -1.1025% 0.19700 13 1.11394 0.43196
1067 2.0355% -0.01719 13 1.11394 0.38660
1068 -3.4631% 0.00000 6 0.77815 0.00000
1075 -2.3866% -0.06556 30 1.47712 0.31933
1076 -1.3466% 0.07256 11 1.04139 0.16739
1078 -0.5353% -0.10126 75 1.87506 0.37217
1081 -0.4444% 0.09802 60 1.77815 0.32666
1083 -0.0410% -0.15661 77 1.88649 0.41452
1084 0.2106% 0.07209 24 1.38021 0.33440
1086 -1.9759% -0.00276 24 1.38021 0.22316
1087 -0.3233% 0.23729 12 1.07918 0.32442
1090 -0.2715% 0.00000 43 1.63347 0.00000
1091 1.9724% 0.32920 99 1.99564 0.41532
1092 -1.2192% 0.20500 19 1.27875 0.35319
1094 1.5974% -0.12599 100 2.00000 0.45837
1095 1.1459% -0.33082 100 2.00000 0.36667
1096 1.5185% 0.04165 50 1.69897 0.29557
1097 1.1090% 0.05812 100 2.00000 0.47252
1100 -0.0945% 0.10858 100 2.00000 0.27792
1101 -0.5197% -0.00279 100 2.00000 0.28859
1102 1.1406% 0.12175 70 1.84510 0.34404
1104 1.5570% -0.07881 109 2.03743 0.40231
1105 -0.2595% 0.10301 23 1.36173 0.54587
1106 0.5809% 0.16158 62 1.79239 0.27065
1107 3.2254% 0.10831 90 1.95424 0.30114
1108 0.8675% 0.06949 35 1.54407 0.30272
1109 0.1586% -0.07861 99 1.99564 0.32450
1110 0.2119% 0.19921 39 1.59106 0.40392
1112 -0.7652% 0.04946 80 1.90309 0.34133
1114 -0.3331% -0.00211 100 2.00000 0.26416
1116 -0.3037% -0.21844 29 1.46240 0.43136
1117 -0.6510% -0.12608 90 1.95424 0.31527
1119 0.6164% 0.31362 9 0.95424 0.25631
1120 0.7764% -0.22764 25 1.39794 0.29946
1121 -0.7005% -0.00951 99 1.99564 0.42719
1123 -7.9747% 0.05675 101 2.00432 0.30300
1131 1.7732% 0.21200 2 0.30103 0.29981
1132 -0.3841% 0.05833 18 1.25527 0.22750
1133 5.3918% 0.12085 100 2.00000 0.35035
1134 1.9298% 0.06874 86 1.93450 0.48470
1135 -0.1006% 0.36476 23 1.36173 0.33680
1136 -0.4247% 0.18800 100 2.00000 0.43604
1137 0.7140% 0.25186 44 1.64345 0.34788
1138 -0.0581% 0.19172 90 1.95424 0.33278
1139 0.1129% 0.08389 98 1.99123 0.26893
1142 3.6843% -0.05594 80 1.90309 0.63404
1143 1.2472% 0.41650 8 0.90309 0.13610
1144 0.0905% 0.48881 51 1.70757 0.45709
1145 1.6838% 0.03995 100 2.00000 0.37026
1146 5.7076% -0.06686 76 1.88081 0.37929
1147 0.5568% -0.07749 208 2.31806 0.40703
1148 0.6246% 0.04084 106 2.02531 0.38189
1149 2.2898% 0.00000 8 0.90309 0.00000
2082 -1.5372% 0.09834 56 1.74819 0.25693
2145 0.9055% 0.03995 100 2.00000 0.37026



                                                                                                                                                             

iv. Stocks and Respective Indices 

!
v. One-Day Abnormal Return (t = 0) versus Standard Deviation of Sentiment Score 
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